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Question Generation -> Grounding Experiment Results
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Take away

- Smaller VLMs struggle with uncommon objects,
especially in low MMD mosaics.

- A specialized dataset for benchmarking VLMs on
uncommon objects.

MMD(x,y) = k(x,x) + k(y,y) — 2- k(x,y) - An automatic pipeline for web data scraping,

Where x and y be the sets of CLIP embeddings for two different object categories, curation ) filteri ng, and generati ng chal Ieng I ng
where kis a kernel function (We adopt Gaussian RBF) test instances for domain-s pecific objects
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